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Vergangenheit




Was wir aber eigentlich sehen wollen

A Wie entwickelt sich meifirafficin Zukunft

A WelcherUserwird in Zukunft kaufen

A WelcheSeiteruft der User als nachstes auf

A Wie vieleProdukteverkaufe ich nachste
Woche

A Wie vieleSupportMitarbeiter brauche ich
nachsten Monat

A Benotige ich mehBerverkapazitaterum
den Blackridayabzufangen?

=
IT'S THE FUTURE



Zauberwort:PredictiveAnalytics




PredictiveModelling

N oZukunftet 51 G Sy
N
Prediction Pattern verstehen
[ Modelling
Techniken
l Trends erkennen

Vergangenheit

Jetzt Vorhersagen



Solet’sget started







Was wir brauchen

Google Analytics CID

Cookie ID, welche GA einem
User zuordnet

X Headers Preview Response  Timing
+ General

Request URL: https://www.google-analytics.com/collect?v=1& v=773&a=1217259902&t=event&ni=1& s=1&d1=https%3A%2F%2Fkeyword
0. com%2F&ul=de -de&de=UTF - 8&dt=Keyword%20Hero%20 -%2€Match%28keyword%20to%20se5510n%201n%20GA%2C%20ge t%20rid%200f%2@ (not%:
vided)&sd=24-bit&s, ji
DO~&jid=dgiid=&ci
Request Method: GE

%ec=BatteryRea=Battery Charging#3A%20falsefel=Battery Level%3A%200.85& u=aDl

172624.15482304190t1d=UA-32984870-1& gid=21515815.15515291968gtm=21wg241WHPE3VW&z=401555779

Status Code: @ 200

D223tS 1 yIftedac

Eine ID fur einzelne Hits
(z.B.Pageviewsin GA um
oClickstrears I 0 & SNBRGS
zu kdnnen



User Report

Client Id

260958056.1515579372

BigQuery Client ID
1120806317663315948

Date Last Seen
Feb 28,2019

Device Category
desktop

Device Platform
web

Acquisition
Date
Jan 10,2018

Channel
Organic Search

(& INSIGHTS

Jan 1,2019-Mar 1,2019

Sessions (LTV) Session Duration (LTV) Revenue (LTV) Transactions (LTV) Goal Co
454 11:14:43 $0.00 0 9 >
Sessions (Current): 61 Session Duration (Current): 00:18:31 Revenue (Current): $0.00 Transactions (Current): 0 Goal Co
Filter by Sort by
4selected « Descending ~ *T7= Expand All = collapse All ¥ Export
~ Mar1,2019 1 session
» 8:23 AM @ 00:00 (] Direct G1 ®1
- Feb 28,2019 1 session
+ 8:00 AM @ 00:00 ] Direct Gl 1
- Feb 27,2019 2 sessions
« .41 DM AL Nn-nn m Nirnnt ~ 1 ~ 1

Grund

A Betrachtung mehrere User in einem Bericht

A Exportierbar



CID Tracking einrichten

Javascripzum Extrahieren der CID

X GetClientlD O

https://gist.github.com/dsc
B O hmeh/853b5ffb978384fccO
e 20cd52¢505a962

CID als Custom Dimension in Google
Analytics feuern



Landing Page

flogin
flogin

!

/login

!

CiD

880196318.1550149823

2139721576.1534912405

267683431.1550036298

135457728.1551202490

260958056.1515579372

1728276129.1551136297

1808722749.1549274393

1870179446.1551356958

2014628383.1550488280

Acquisition

Sessions

4

(0.83%)

(0.53%)

(0.47%)

(0.30%)

(0.30%)

(0.24%)

(0.24%)

(0.24%)

(0.24%)

% New
Sessions

67.30%

Avg f

0.00%
0.00%
0.00%
20.00%
0.00%
25.00%
0.00%
25.00%

0.00%

New Users

% C']c Ti

otal
61%

(1,345)
0 (0.00%)
0 (0.00%)
0 (0.00%)
1 (0.09%)
0 (0.00%)
1 (0.09%)
0 (0.00%)
1 (0.09%)
0 (0.00%)

CID lasst sich den
Berichten als sec.
Dimension abrufen



10.

Landing Page

/profile

/docs/your-first-steps-with-the-he
ro/

/login
/?page_id=22888&preview=true
/de

[?preview_id=940&preview_nonce
=1576ee73ce&_thumbnail_id=-1&
preview=true

/applications/clustering
/applications/first-steps

/billing/history

CID

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

Acquisition

Sessions

7 (21.88%)

6 (18.75%)

5 (15.62%)

3

2

(9.38%)

(6.25%)

(6.25%)

(3-12%)

(3-12%)

(3.-12%)

(3.12%)

LandingPages

einzelner Sitzungen

SAYSa a
nachverfolgen
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Source / Medium

accounts.google.de / referral
After_Sales_Mail / email
app.tender.io / referral
google / cpc

google / organic

CiD

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

2122925936.1548685353

Acquisition

Users

1

% of Total
0.01%
(10,981)

1 (20.00%)
1 (20.00%)
1 (20.00%)
1 (20.00%)

1 (20.00%)

New Users

0

% of Total
0.00%
(10,362)

0 (0.00%)
0 (0.00%)
0 (0.00%)
0 (0.00%)

0 (0.00%)

Sessions

32

9% of Total:
0.20%
(16,200)

16 (50.00%)
4 (12.50%)
3 (9.38%)
1 (312%)

8 (25.00%)

NO, REALLY..
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_CONSIDER THE POSSIBILITIES
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Einzelne auslosende
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al-BB & SNJI Sdz3

new Date().ge
1551532173987

HitStamp [

tTime();

Variable Configuration

Nutzung eines genauen
Timestampge Hit

Variable Type

9 Custom JavaScript

Page. it v
Custom JavaScript ® -
function() {

var now = new Date(); L !

return now.getTime(); 1

T 3 1

4 1

5 1

6. 1

7. 1

8 1

9 ® 1551539384797 1

9 E L2 NXlickgteafa
Daten aus GA nun mdglich



Nowwe arereadyX

HEY,YOU GUYS READY
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Schauen wir ein wenig In die Zukunft

IFYOU COULD TELL ME HOW MANY
ORGANIC TRAFFIG WE HAVE NEXT WEEK

THAT WOULD BE GREAT



Dear, Mark Zuckerberg

Thanks for creating Facebook

and giving us an-eppurtunity-
towasteour-timme

Super schlankes Package fur R
und Python zuniPrediction
Modelling

In 8 Zeilenvon GADaten
zur TraffidPredictiondes




GetGA
Data + m
ccleaningy 11

(V=T = R o W I R WE O N O

Plotit!!! 2L

Tibrary(prophet)

#GeT some GA Data
ga=-google_analytics_3(
"141836898",
start = "2018-09-01",
end = "2019-03-02",
metrics = c(''sessions"),
dimensions = c("date"),
filters = c("ga:sourcemedium==google / organic"),
max_results = 999999

.

) Fitthe modelon
#Rrename the columns for Prophet . .
Colnames (ga) - cide™ sy historicalData

#Fit the Model
prediction_model <- prophet(ga, daily.seasonality = TRUE)

#Predict the Future
future_df =- make_future_dataframe(prediction_model, periods = 30}
prediction =- predict(prediction_model, future_df)

#visualisation
plot{prediction_model, prediction) Setfutu re and
prophet_plot_components (prediction_model, prediction) pl’ed |Ct



Historical Dataand Prediction
fitted Model
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> fe-prediction[which(as.Da
te(predictionids)=5Sys.Date(

3,1
= sum{fiyhat)
o 2000 [1] 51045.48
s
D &, - = b
c
O o 000
%)
O
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H - “ B NN nachste 30 Tage
- o... i * . =
N
Okt Jan Apr

ds



Trendlinie

2016 2017 2018 2019
ds

Wochentliche
Trends

-20-

weekly
=)

30-
Sonntag Montag Dienstag Mittwoch Donnerstag Freitag Samstag
Day of week

Jahrliche Trends

' ' . ! '
Januar 01 April 01 Julio1 Oktober 01 Januar 01
Day of year

Daily Trends

daily

00:00:00 06:00:00 12:00:00 18:00:00 00:00:00
ds



Modell verfeinern:

- >2 Jahre sorgt flr gute
jahrliche
Saisonalitatserkennung

- Hinzufigen von Urlauben,
Trackingfehlern, Google
Updates/Penaltys



Datenanomalien erkennen

Pageviews for page .
/profile’ dropped yesterday Eve rseenthIS????

On Jul 15, 2018, page '/profile' had 21
pageviews. That's a drop in the original
forecast range of 21.9 to 54.8 pageviews.

Forecasted bounds AnalytICS glbtecomendatlons
Forecasted value . .
— Actual value basierend auf Abweichungen zu
300 Ihrem Vorhersagemodel
150
0 : e
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Last 45 Tage als Trainingsset

ga<-google_analytics_3(
"141836898",
start = "2018-06-01",
end = "2018-07-14",
metrics = c("pageviews"),
dimensions = c("date"),
filters = c("ga:pagerath==/profile"),
max_results = 999999
)

#Rename the columns for Prophet
colnames(ga)<-c("ds", "y")

#Fit the Model
prediction_model <- prophet(ga, daily.seasonality = TRUE)

#Predict the Future
future_df <- make_future_dataframe(prediction_model, periods = 1)
prediction <- predict(prediction_model, future_df)

#visualisation
plot(prediction_model, prediction)

150~

100~

Jun 15

Yhat_upper61,1281
Yhat_lower 29,48762

Jul1s



Muss es hier unbedindgredictiv

Analytics sein?

Stabiles Modell zur Anomalie
Detectionbasierend auf
SeasonaHybrid ESD

Automated
AnomaliyTest
resultscanbe
pushedto Slack



